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INVENTEURS DU MONDE NUMERIQUE

CIECH TECHNICAL Learning from Video and Text via Large-Scale Discriminative Clustering
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. . Z W N Comparison of different method for Person recognition on Casablanca
e Demonstrate weakly supervised learning of actors ,
. . . . . Method Acc. Multi-Class AP Background AP
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| . e X c RV*?: Person tracks features (e.g VGG-face features for face Sivic et al. [35] 49% 63% -
She's siscean, WLt Sexk intenss ere . , , , . Bojanowski et al. [4] 57% 75% 51%
o , recognition and Improved Dense Trajectories for Action Recognition) Parkhi et al. [27] 24% 939 7504
s oI/ ¢ R Linear model to learn Our method 83% 9% 82%
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e At Least One Constraint
¢ Background Class Constraint

e Mutual Exclusion Constraint
[Bach and Harchaoui, 2007] [Bojanowski et al., 2013]
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Large-Scale Optimization

An algorithm based on the Block-Coordinate Frank-Wolfe
method for efficient online optimization
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e Zis a block constraint separable variable

= Z1 e Exploit the Block-Coordinate Frank-Wolfe
W:co;lii;;-sp;;ervised Unsterwsed learning from Weakly- Superwsed Allgnment Z 2 d IgOrlth m to treat eaCh b I OCk In an on I Ine . chrie
learning of visual relations narrated instructional videos of Video with Text manner A: StandUp

[Peyre et al. ICCV17] [Alayrac et al. CVPR16] [Bojanowski et al. ICCV15] : Z _

e Efficient Time and Space complexity of
block gradient computation via smart update
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e New online optimization algorithm based on 7, Nmovies rules 1 L
Block-Coordinate Frank-Wolfe (BCFW) for scaling- * Convex relaxation of the problem ger
up discriminative clustering g;:::?:;:qgl\gm%fp- > gur optimilzec! B.C(SYJVVSte)p it
e Improved model of the background class Time complexity: O(N Tiﬁgecg%n;f)eiﬁwb( Nbli;k .
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